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Abstract: Aiming at the problem of difficult recognition and uniqueness of Chinese predicate head, a Highway-BiLSTM
model was proposed. Firstly, multi-layer BILSTM networks were used to capture multi-granular semantic dependence in a
sentence. Then, a Highway network was adopted to alleviate the problem of gradient disappearance. Finally, the output path
was optimized by a constraint layer which was designed to guarantee the uniqueness of predicate head. The experimental
results show that the proposed method effectively improves the performance of predicate head recognition.
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